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ABSTRA

This research presents a novel approach to Visual Grounding, addressing the challenge of handling new classes with minimal data. Traditional models often rely on extensive fine-tuning for new tasks, which is time-

consuming and inefficient. To overcome this, we propose a few-shot learning architecture that eliminates the need for fine-tuning by incorporating a template-based multimodal prompt with learnable embeddings.
Additionally, our model integrates a fusion module and contrastive loss to enhance generalization across unseen classes. Our approach achieves 83.6% accuracy on the RefCOCOg dataset, demonstrating significant|

improvements in performance on novel classes.
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RESULT

Methods Backbone | Support set Accuracy xt: white color
TransVG ResNet-101 67.02
TransVG ResNet-50 66.56
TransVG++ ResNet-50 73.86
GroundVLP Vin-VL 74.73
Dynamic MDETR ResNet-50 69.43
Dynamic MDETR + FS-learnable ResNet-50 o 83.6
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